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Abstract: A quality assessment method based on the consistency confidence (CC) mechanism was proposed to ad-
dress the challenge of image text recognition quality assessment in content security auditing scenarios. Significant
deficiencies were identified in existing evaluation methods. Traditional methods were found to rely on manual an-
notation and be cost-prohibitive. The visual language model as judge (VLM-as-Judge) approach was observed to
suffer from logical paradoxes and biases. Uncertainty quantification methods were shown to require access to inter-
nal model parameters. With the proposed CC-based method, unsupervised quality assessment was achieved through
multi-model consistency analysis. Edit distance was utilized to quantify the degree of consistency, and dynamic
weighting with threshold gating mechanisms was designed to identify low-quality outputs. This method possesses
three major advantages: black-box evaluation, complete unsupervisedness, and model-agnostic property. Experi-
mental results demonstrated that the quality verification F1 score reached 49.9%~51.61%, which represented a

42.76% improvement over baseline methods. The best performance was exhibited in challenging scenarios such as
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adversarial text and complex scenes. Through model ensemble, low-cost open-source models were enabled to sur-

pass high-cost closed-source models, with a performance improvement of 32 points.

Key words: image text recognition, quality assessment, content security, unsupervision
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40. Gemini-Pro. InternVL2.5 %% F it /7 vk PA K 1R
AR A S AR 1R Z> (recognizer output voting
error reduction, ROVER) 4E i 77 VL 4T T XF HE,
AR T ixs b4 R W3 3. Fit ROVER 4 £ it
T A PR ERCE T, M HARL S
SR 2177 B RTIEASE TR B 318 5 Y
(large vision-language model, LVLM) ,

®3 AREFGEMEER

pipe= st SRR | BRI | B&E | S
AT 2 fa SR Gt
VLM-as-Judge /7 % = H XRF 95
PR OCR % I - 55
RSP % 7 % 5
ROVER = y SCHF 59

Bk V3% 5 T AR 5 1 e bl 2 2R L
Ra, HRATH, RXTTHEEAE ST
37 AR . EXT P AR Fh 15 4 40.9
4y, WHEMT GPT-40 137.3 43 ER &I
1355 48.3 415 FEIE R AT 17 5015 70 63.1 77
HBRAE T XN LRSI ME; Eh
W SR80 624 7. XEELERKW, A
SCOTEAE R BT UM SCA . T i A
G D A5 Bk % 1 37 S B LA T SR 3 N A AN
B

T4 BREMART ARG ENMERETEE

M4y 14y | GPT-40 | Gemini-Pro | ROVER | A5k
POETIRES'WN
AV 373 38.4 36.7 40.9
SR Efmn | 355 50.4 38.2 483
FRUESCRS 13 50/57 | 50.6 61.3 41.4 62.4
SScpS R b oml|
, 54.7 61.7 38.7 63.1
9315

3.6 HELAFZRANSCIE AR

BT BIRSIGEE R, AU PR TR RE
BEAT TIRNAIHT, BRE T 56 m0 R G0 1k 8 11 5
K.
3.6.1 —EHEMEEF AT

ME 2 AT LAE H, CC BRI 5 A e Itk 2
M AFTE B R IEA G R R . BliAE CC AT,
BV ISP HER R R i s, X — IR AR
B BE R FT 100 VLM (arg_top-100) %
WAFTE . IX 3R B CC ML REE A 250 A S
JRE R SCARRMEE R, AT E et T
ATFERIHA T B
3.6.2  ZARA & R BOR ST

F2HSL 4 BN T CC AL RIS 1) 2 3%
R B HEAREA AL, CC A
T A EVEREBRL I RE, B T B R
PFto Blhn, A& 1@ HER S MR, KR
E1F 926 43 T3 958 4, HRTFT 324, X
HEBA T 544 2 A R TR SR T 2R G0 A T A A
{4 5 T ) S A A
3.6.3 JREiRAE 0 SR

Rl RAMGEREIR, KL EEEFR
X AR T RIAFE M. Rl e b B
I & SO, AR S5 A B VM -as-Judge 77
A RERTE, PR R ILF) 42.76%. X
W] CC L2 Ab B 52 2% APk R 1R 37 S B 5
SR R1IE N RE T -
3.7 HEHEIRA

AR SCHEH ) CC TF 5 2 B 42 70 A5 8 it 1Y) S
K AT IR, THER IR . AR 2
AT BRI, B R R R R B T B AR
I} 0.000 2's, fxFAERF 0.000 5 (fe g 5 AR
%, Wl TEAKE1000), AILE G gL B
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4 Z5FRIE

ARTCEE XA R 2 A R 5T BRSO S
JREVEAG OGPk AL, B T EE T CC AL R
B A, %07kl A — Bk A s B

BRI, BA R, EatlE .
BERTERAE = KA L3 . SRS RRY], AL
3V A 5 B 6 AIE 5 T AT B 3k 2 U5 9 T 2 4R T
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